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Abstract

A debate on approaches to impact evaluation has raged in development circles in recent years.
This paper makes a contribution to this debate through discussion of four issues. First, | point
out that there are two definitions of impact evaluation. Neither is right or wrong, but they refer
to completely different things. There is no point in methodological debates unless they agree a
common starting point. Second, | argue that there is confusion between counterfactuals, which
are implied by the definition of impact evaluation adopted in this paper,and control groups, which
are not always necessary to construct a counterfactual. Third, | address contribution rather
than attribution — a distinction that is also definitional, mistaking claims of attribution to mean
sole attribution. | then consider accusations of being ‘positivist’ and ‘linear’, which are, respectively,
correct and unclear. Finally, | suggest that these arguments do not mean that there is a hierarchy of
methods, rather quantitative approaches, including RCTs, are often the most appropriate methods
for evaluating the impact of a large range of interventions, having the added advantage of allowing
analysis of cost effectiveness or cost-benefit analysis.

Keywords
attribution analysis; contribution analysis; counterfactuals; development; impact evaluation;
selection bias

Introduction

Recent years have seen an increased focus on impact evaluation in the development community.
One factor behind this trend has been the emphasis on results in the last 15 years, embodied in the
Millennium Development Goals. The results agenda has seen what I, and many others, regard as a
welcome shift in emphasis from inputs to outcomes. However, it has been realized that outcome
monitoring does not tell us about the success, or otherwise, of government programmes or the
interventions supported by international development agencies. In more recent years there has
been advocacy by a number of groups for more rigorous evaluation of development programmes,
most notably from the Poverty Action Lab at MIT and in the report When Will We Ever Learn?
(CGD, 2006). The World Bank, the Inter-American Development Bank and more recently 3ie, are
financing growing numbers of such studies.
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But this emerging focus has not been without controversy. Indeed there has been a somewhat
heated debate about impact evaluation within the international development community, echoing
similar debates in other fields of social inquiry. In this paper I seek to contribute to and hopefully
clarify this debate.

The main argument I advance here is that there are a number of misunderstandings. The most
important of these is that different people are using different definitions of ‘impact evaluation’.
Since this is a purely semantic matter, neither side is right or wrong. The definitions are just differ-
ent. It makes little sense to debate on the appropriate methodology when people are in fact talking
about different things. The debates become more focused and meaningful when they do address a
common understanding of what we mean by impact evaluation, and I explore what I believe are
some misunderstandings in this more focused debate. Finally, I address the issue of whether pro-
motion of quantitative impact evaluation means there is a hierarchy of methods.

Controversies and confusions

Defining impact evaluation

The two sides of the impact evaluation debate are commonly talking about completely different
things, but seem not to realize this.

Amongst evaluators, ‘impact’ typically refers to the final level of the causal chain (or log
frame),' with impact differing from outcomes as the former refers to long-term effects. For exam-
ple, the definition given by the Evaluation Network of the donor organization, the Development
Assistance Committee (DAC) is ‘positive and negative, primary and secondary long-term effects
produced by a development intervention, directly or indirectly, intended or unintended’. Any eval-
uation which refers to impact (or often outcome) indicators is thus, by definition, an impact evalu-
ation. So, outcome monitoring can fall under the heading of impact evaluation. In addition, there
are established fields of impact assessment, including participatory impact assessment, which rely
largely or solely on qualitative approaches which also fall under the impact evaluation label since
they are concerned with outcomes and impacts.

But this definition is not shared by many working on impact evaluation, for example in the
World Bank, or, indeed, 3ie. Impact is defined as the difference in the indicator of interest (Y) with
the intervention (Y ) and without the intervention (Y 0). That is, impact = Y -Y, (e.g. Ravallion,
2008). An impact evaluation is a study which tackles the issue of attribution by identifying the
counterfactual value of Y (Y o in a rigorous manner. I leave aside for the moment what constitutes
rigour, though as I shall explain, I am arguing in favour of greater use of quantitative approaches
to attribution. Usually this is an analysis of outcome or impact indicators, but not necessarily so.

These are completely different definitions of impact. They may overlap if Y is an outcome indi-
cator. But I now believe that drawing attention to the overlap (which I have done many times), or
worse still, treating the two definitions as if they are somehow the same, confuses the real issue,
which is the fundamental difference between the two definitions. Since this is a purely semantic
matter, neither side is right or wrong. The definitions are just different. No debate about methodol-
ogy will be of any use unless we first agree which definition is being used.

Hence, many studies can be considered to be impact evaluations since they discuss outcome and
impact indicators, while making no attempt to attribute changes in those indicators to the interven-
tion. Indeed such studies often explicitly state that attribution is not possible.” But such studies are
most decidedly not an impact evaluation to someone for whom attribution is the defining charac-
teristic, and especially those using quantitative methods to measure impact. However many of the
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objections to quantitative approaches to impact evaluation, are not methodological disagreements
about the nature of causality, they are simply using a different definition of impact evaluation.

So much of the current debate could be avoided with some terminological clarification. The
current push toward impact evaluation is for studies which can attribute changes in selected out-
comes (or possibly outputs) to a specific intervention, and to do so for interventions for which
quantitative methods are the best available method. It is this, second, definition which was intended
in the CGD report (2006). We may wish to call these studies ‘attribution analysis’, rather than
impact evaluation to avoid appropriating a term already in use with a different meaning, though I
fear it is perhaps too late for such relabelling. But the different sides in the debate need to under-
stand that they mean different things by ‘impact evaluation’. And there is no reason at all why these
quite different types of studies should adopt the same methodology.

It should also be made clear that both definitions are the basis for useful studies. However, the
current focus on funding attribution studies originated from the fact that there had been an under-
investment in evaluations of this sort, a feeling articulated most clearly in the CGD report (20006).
Hence there is a lack of evidence about what works and what doesn’t — and at what cost. With that
point in mind we can focus on a more precise question, which is must ‘scientifically valid’ methods
of experimental and quasi-experimental methods be used to attribute observed changes to a spe-
cific intervention? Note that this wording is intended to make it very clear that there are many
evaluation questions for which other methodological approaches are more appropriate. Impact
evaluation is not the only game in town, and not the only one to be played in the assessment of
development interventions.

Whether experimental and quasi-experimental approaches are part of the best available method
depends on the nature of the intervention being evaluated: is it a small # or large » intervention?
Here n refers to the unit of assignment of the intervention, for example, households, firms, schools,
communities, districts or Ministries.

The unit of assignment is not necessarily the same as the unit of analysis. For example, we
might assess the impact of a school-level intervention on student learning outcomes, or of feeder
roads on household incomes. But it is the unit of assignment which drives the power calculations,
and so is the relevant n for knowing whether statistical approaches are the best available methodol-
ogy to answer the questions at hand.

For small, and often middle size, n then qualitative approaches are the best available methodol-
ogy, such as the fuzzy set social science approaches discussed by Ragin (2000); see Khagram et al.
(2009) for a discussion of their application to the field of development evaluation. Ironically, such
an example of when such approaches are the best available methodology is assessing the impact of
impact evaluations. How have impact studies influenced policy? Such a study would require a stake-
holder mapping exercise, determining the overall drivers of change, and the place of the study, if any,
in those changes — such an approach is adopted by IFPRI in its Policy-Oriented Research Impact
Assessments (see http://www.ifpri.org/book-25/ourwork/researcharea/impact-assessment).

However, in some cases different quantitative approaches can be the most appropriate approach
for small z studies, for example macroeconomic modelling to assess the impact of economic policy
changes such as devaluation or changes in tariff rates (an » of one).

There is a need for more agreement on which of the range of available methodologies is most
appropriate in which settings, but that is not the subject of this paper.

But there is a wide range of large n interventions for which experimental and quasi-experimental
approaches can, and should be, used, and have been under-utilized to date. As a result, the evidence
of the lack of evidence of what works is quite overwhelming. CGD listed several reviews which
revealed the scanty nature of evidence regarding what works (2006). A more recent review by

Downloaded from evi.sagepub.com by guest on August 15, 2011


http://evi.sagepub.com/

156 Evaluation 16(2)

NORAD found that most evaluation studies had little, or even no, basis for the conclusions drawn
as to impact (Villanger and Jerve, 2009). Finally, a review by 3ie of the ‘evaluative reports data-
base’ of the Active Learning Network for Accountability and Performance in Humanitarian Action
(ALNAP) showed that not one of the 339 evaluation studies could be classified as a rigorous
impact evaluation.

In brief, the quantitative methods used should be able to deal with the problem of ‘selection
bias’. The bias arises from either programme placement (project communities, households, firms,
etc. are chosen by some systematic criteria) or self-selection (communities or people opt in or out
of programmes). Now, if the characteristics determining programme participation are correlated
with the outcomes of interest, comparison of outcomes between the participants (the treatment
group) and a comparison group will result in a biased estimate of the changes brought about by the
programme. This is not an unlikely situation. If these selection characteristics can be measured,
then they can be controlled for statistically (quasi-experimental methods). But if they cannot be
measured (so-called unobservables) and change over time, then randomization (randomized con-
trol trials, RCTs), and only randomization, can produce numerical estimates of impact which are
free from bias — though, as critics correctly point out, even randomization may not do the trick
(Deaton, 2009; Scriven, 2008).

The so-called methodological debate, more specifically the critique by evaluators of the use of
quantitative methods, including RCTS, is missing the point. The problem is not that there are growing
numbers of studies applying experimental and quasi-experimental approaches to assess the impact
of development interventions. There was a clear ‘gap’. Previous evaluation studies typically made
statements that attribution was not possible. But it is possible, and these studies are filling that gap.
However, a problem remains. The problem is if all these studies do is estimate an average treatment
effect: measurement is not evaluation.’ Rigorous impact evaluation is a building block, a necessary
component, of a good-quality impact evaluation, but it is not all there is to it.

The current debate revolves around selection bias and how it should be handled. While I agree
that this source of bias should be addressed where present, I see this as a technical issue in evalua-
tion design which has to be dealt with appropriately. But the two main points are: 1) to embed the
analysis in a mixed-methods approach which unpacks the causal chain, and 2) to use the impact
estimate as the basis for analysis of either cost effectiveness or the rate of return. I have dealt with
the first of these issues elsewhere (see White 2008 and 2009). Here I expand briefly on the latter.

Forty years ago the value of having good-quality measures of intervention benefits would
not have been questioned. Projects were typically subject to cost-benefit analysis, which required
quantification of the benefit stream; that is, the difference in outcomes (such as agricultural value
added) resulting from the project. Cost-benefit analysis was explicitly based on with versus with-
out analysis; that is, establishment of a counterfactual of what outcomes would have been in the
absence of the project. This counterfactual was commonly generated through use of a comparison
group — what recent developments do is give more robust estimates of these benefits.

Cost-benefit analysis fell into general disuse in the 1980s and early 1990s as a result of two
related trends (see White, 2005, for more discussion). First was the increase in social sector inter-
ventions which were, mostly mistakenly, seen as not being amenable to quantitative analysis. The
inappropriateness of these methods seemed even clearer once projects began with objectives such
as ‘empowerment’ and ‘building social capital’. The second trend was the rise of participatory
approaches to development, including participatory evaluation. Such an approach rejects evalua-
tion against objectives set by outsiders — who may well not have the required knowledge of local
circumstances — in favour of local narratives and judgements of ‘success’. But the rise of quantita-
tive impact evaluation should enable a resurgence of cost effectiveness and cost-benefit analysis.
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In summary, there are good, policy-relevant reasons for making quantitative estimates which
attribute changes in outcomes to the intervention. To do this, evaluation designs must take account
of selection bias where it arises, which will usually require resorting to a comparison group con-
structed using either an experimental or quasi-experimental approach. These estimates should be
part of a broader evaluation design, and the benefits compared to the costs of the intervention and
so guide the allocation of resources.

In the remainder of this article I am addressing impact evaluations whose explicit purpose is an
analysis of attribution. I have noted already that this is just one definition of impact evaluation and
that the other definition is not wrong, but different, and that that other definition opens the door to
alternative methodologies. But I do subscribe to the view that there is a need for a greater number
of quality studies addressing attribution using quantitative methods.

Comparison groups and counterfactuals

A further area of confusion relates to counterfactuals and control groups. Once we move to a dis-
cussion of attribution I believe we are necessarily dealing with counterfactuals, though they may
be implicit.

It is over 35 years since Lewis’s influential paper established the counterfactual approach as the
principal legitimate approach to the analysis of causation. Prior to that, regularity analysis (which
could be manifested as statistical correlations) ruled the day. But Lewis argued that regularity
analysis would fail to detect causation, or incorrectly do so, for a number of relatively straightfor-
ward reasons. The counterfactual approach remains a powerful one in scientific circles — see, for
example, the recent collection of Collins et al. (2004), despite critiques.

Although it may not always be necessary or useful to make the counterfactual explicit, in attrib-
uting changes to outcomes to a development intervention it most likely is useful to have an explicit
counterfactual. An explicit counterfactual does not necessarily mean that one needs a comparison
group, though often it will.

As already discussed, we are defining impact as Y - Y . What happens with the intervention is
observed, this is Y - What we don’t know is what would have happened without the intervention
Y O). There are various ways of getting an estimate of Y . A common, though usually unreliable,
one is the value of Y before the intervention; that is, the before versus after approach. This approach
is unreliable since other things affect Y, so not all of the change in Y can be attributed to the inter-
vention, which is what the before versus after approach does. However, there are some cases in
which there are no other plausible explanations of the change in Y so before versus after will suf-
fice. A good example is the impact of a water supply project on the time household members spend
collecting water. The average time falls after the project. The only plausible explanation is the
improved proximity of water. In this case there is no need for a comparison group from outside the
project area — the most meaningful comparison is with the treatment group before the intervention
(a comparison group would give a less accurate estimate in this case). But having no comparison
group is not the same as having no counterfactual. There is a very simple counterfactual: what
would Y have been in the absence of the intervention? The counterfactual is that it would have
remained unchanged, that is, the same as before the intervention.

Supporting a before versus after approach, Scriven argues that it is clear that ‘a program that
gives food or shelter to those who need it immediately has beneficial consequences’ (2008: 20).
But this actually is not true for more complex outcomes, and even if it is, 1) there is still a counter-
factual, and 2) quantification allows analysis of the efficiency of the intervention in achieving
welfare outcomes.
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We might also think that before versus after is adequate if there is no observed change in Y after
the intervention. Y has remained unchanged, so clearly the intervention had no impact. Once again
there is a counterfactual here, though there is no comparison group. The counterfactual is the same
as in the previous example, which is that if there were no intervention then we’d expect Y to keep
its pre-intervention value. But we might well be on shaky ground here. Perhaps there is a down-
ward trend in Y, for example, declining yields in a fragile ecological zone. So observing the same
value before and after the intervention is in fact a positive impact from the intervention as without
it yields would have been lower. Unless we have both trend data to suggest Y is not changing over
time, and good arguments as to why other factors will not have affected it during the intervention,
then a stronger counterfactual is needed, which is what a comparison group can provide.

It is objected that attribution statements, causality statements, in many areas of science are made
without a counterfactual. For example, there is no counterfactual in the analysis of the moon
causing tides or to explain night and day by the revolutions of the Earth around its axis. Actually
there is an implicit counterfactual — for example, no moon then no, or more likely lesser, tides.
There is no comparison group. Hence it clearly cannot be claimed that a comparison group is
always required to demonstrate causation. There is a counterfactual, but not one which needs be
made explicit in this case.

What we are interested in is the underlying causal chain. My approach to impact evaluation is
to start with the outcomes and impacts and to identify the range of factors which influence these
outcomes. I then ask whether the project outputs will have any effect on these causal factors. That
is, I build up the programme theory. The job of a quality impact evaluation is to trace the causal
chain through from inputs to outcomes and impacts, and different approaches most applicable to
analysing different parts of it (see White, 2009, for an elaboration of the approach). A note of
caution can be added since there are cases in which evidence precedes theory, most famously the
origins of evidence-based medicine in the West. Working in a Vienna hospital in the 1840s,
Semmelweis noted that maternal mortality from hospital deliveries was 30 percent, much higher
than that in home births. Although the germ theory of disease would not be established for another
three decades, Semmelweis got doctors to wash their hands before performing deliveries, reducing the
mortality rate to just 2 percent. Despite this achievement, Semmelweis was widely attacked by the
Viennese medical establishment as his recommendations lacked a theoretical foundation (for a recent
description of this episode in the history of quantitative evidence making, see Ayres, 2008).

Usually a theory will help. But there can be cases when, as for Semmelweiss, the evidence is
just so compelling. Such seems to be the case with ‘Scared Straight” schemes in which teenage
boys are given a taste of prison in order to discourage them from a life of crime. These programmes
have been subject to RCTs in several US states and the UK, finding at best no impact, the average
treatment effect from the meta-analysis being negative (Petrosino et al., 2003). So it is sufficient to
note that such schemes simply don’t work (though qualitative data have provided reasons, which
is that many of the young men are actually rather attracted to prison life, plus that they make some
useful contacts there).

That is a case when the intervention has never worked. A different treatment for juveniles — boot
camps — has rather more mixed results. The Campbell review of 32 boot camp evaluations, while
reporting no overall impact, finds five in which there is a significant positive impact (and eight
where it has a significant negative impact) (Wilson et al., 2008). Hence further examination of why
it worked in some cases and not in others may seem helpful — though the effect size remains small
compared to other interventions.

Consider a business services project. Some causal elements seem straightforward, such as the
delivery of counselling services. One can test whether entrepreneurs have acquired the knowledge
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they are meant to have acquired through counselling and training. But perhaps this is something
they knew already (as in the case of an extension project in Kenya evaluated by the then OED (now
IEG); World Bank, 1999) — before versus after analysis will tell us this if we have baseline data,
but if not a comparison group of peers will be useful. If it is new knowledge, do they put it into
practice? The World Bank analysis of a nutrition project in Bangladesh found this was often not the
case. More in-depth qualitative interviews are most likely the best means of identifying the reasons
for this knowledge—practice gap: in Bangladesh it was the influence of mothers-in-law (White and
Masset, 2007). This is a straightforward factual analysis. If entrepreneurs do adopt the advice, does
it affect profitability? A before versus after analysis won’t work as market conditions may have
also changed, affecting profitability. A simple comparison group will almost certainly suffer from
selection bias, if only the self-selection bias of the more motivated applying for the programme and
sticking with it. Hence for the analysis of the outcome indicator a comparison group derived by
experimental or quasi-experimental means is necessary, and this will usually be the case. Consider
the water supply project already mentioned. Before versus after indeed suffices for analysis of
changes in time use, but if we wanted to know the impact on child diarrhoea then a comparison
group would be necessary.

Contribution versus attribution

Attribution is usually seen as a substantial problem. Again, it is first necessary to sort out definitions.
By attribution, I mean attributing observed changes to the intervention being studied. For many
development agencies, attribution means attributing observed changes to their aid dollars. This latter
meaning of attribution raises additional issues such as fungibility and attribution in the presence of
multiple donors, which are beyond the scope of this article. But for now, I stress that my definition
requires that we link observed changes to the intervention, regardless of the source of funding.

Many suggest that it is difficult, if not impossible, to attribute a change in outcomes to a specific
intervention since there are so many different factors involved, so we had best look instead for a
contribution. This argument confuses attribution with sole attribution. It is not being argued that
the intervention was the sole cause of observed an observed change. Many outcomes of interest
are not dichotomous, so, for example, infant mortality in a particular region may have fallen by
12 percent over the period of the intervention. The impact question is how much of that 12 percent
can be attributed to the project? Even if the outcome is dichotomous, (i.e. an outcome happens or
it does not) then the impact question is how the intervention affected the probability of the event
occurring, which is indeed what the impact on the mortality rate tells us for any given infant.

Hence a common finding in an impact evaluation would be that intervention X caused outcome
Y to change by p percent. A good study would dig a bit deeper, and say that since Y changed by P
percent over the period of the intervention, say, a quarter (p/P = 0.25) of the overall change can be
attributed to the intervention. That is, the analysis of attribution allows identification of how much
the intervention contributed to the overall change in the outcome of interest. In this sense, attribu-
tion analysis also addresses contribution.

This use of ‘contribution analysis’ is not the same as Mayne’s ‘contribution analysis’. As Mayne
argues, there may be cases in which collecting data on trends in outcomes and plausible explana-
tory factors of observed trends may suffice to show that the intervention contributed to the out-
come. However, Mayne is clear that this method is not an approach to impact evaluation. It is an
evaluation tool which will serve some purposes, but quantifying impact, in the sense used here, is
not one of them. He states explicitly that ‘an [impact] evaluation study probably remains the best
way to address [the attribution] problem, if one has the time, money and expertise’ (2001).
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This same argument also addresses some of the more philosophical objections regarding causation.
Suppose both A and B are, individually, sufficient to cause C, but just one of them is necessary
(the problem of over-determination). Hence if A happens C happens and there is a causal relation.
But if A happens and then B happens, then C would happen even if A had not happened. This prob-
lem occurs when the outcome is dichotomous. And it most certainly is an issue in some areas of
development evaluation, such as how policy dialogue affects policy outcomes. But the outcome of
interest usually varies over a range for example, enrolment or mortality rates. In this case both A
and B can contribute to changes in C.

Quantitative impact evaluation can also make more complex causal inferences regarding
context. Context is one aspect of impact heterogeneity. That is, impact varies by intervention, char-
acteristics of the treated unit and context. A study which presents a single impact estimate (the
average treatment effect) is likely to be of less use to policy-makers than one examining in which
context interventions are more effective, which target groups benefit most and what environmental
settings are useful or detrimental to achieving impact. Hence it could be shown that an educational
intervention, such as flip charts, works but only if teachers have a certain level of education them-
selves, or only if the school is already well equipped with reading materials, or the pupils’ parents
are themselves educated.

‘Linear’ is not always bad

Being ‘linear’ is apparently a self-evident bad thing to many in the evaluation field, but in fact it is
not that clear what is meant by it. For those of a mathematical or modelling frame of mind, the term
implies a linear relationship, meaning that a unit change in X causes a fixed increment in Y, regard-
less of the value of X. Economists would usually expect there to be diminishing returns to scale, so
that as X increases it starts to have less and less impact on Y: maybe after a certain level the
effect is even negative. Alternatively, there could be a ‘threshold effect’ with a certain amount of
X needed before there is any effect. All of these possibilities are readily captured by logarithmic,
quadratic or spline function (interactive terms) model specifications. It might be argued that X only
has an impact in the presence of factor Z, a hypothesis which is readily tested by the use of an
interactive variable (a new variable which is the product of X and Z).

An alternative criticism of linear appears to refer to one-way causation. That is, quantitative
impact evaluation assumes that X affects Y without allowing for the fact that Y may also affect X.
Such a critique is patently false, as the whole fuss about selection bias is precisely about bi-
directional causality: schools with school improvements perform better (X to Y), but it was the
better performing schools that were most likely to get the intervention in the first place (Y to X),
because the programme picks them, or because their management has its act together to make a
successful application. It is to remove the possibility of this second link that random allocation of
the treatment is proposed.

The accusation ‘linear’ also appears to mean that models of the causal chain imply an auto-
matic (or deterministic) relationship. This point is sometimes conflated with the point that
there are multiple determinants, so sole attribution is not possible. But this criticism is incorrect.
Statistical modelling reflects trends. To take a classic controversial case, someone from a disad-
vantaged background is more likely to resort to crime, but not all (or even the majority) of people
from such backgrounds do so. Similarly, an intervention can reduce the crime rate among likely
offenders, which does not mean that none will reoffend. Statistical analysis is of stochastic rela-
tionships, meaning precisely that there are also some unknown elements (‘the error term”) which
affect outcomes.
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Another interpretation of linear is that it misses the multiple causal pathways which occur in
real interventions. Actually this problem does not matter for a purely outcome-oriented evaluation
with a black box approach, which can tell you whether there is an impact or not using treatment
versus control designs no matter how complex the intervention. But for theory-based approaches
which attempt to unpack the causal pathways it is indeed a challenge, but not an insurmountable
one. Models are developed precisely to capture more complex causal mechanisms, including mul-
tiple channels, confounding variables and bi-directional causality.

Bi-variate causality is at least a two-equation model, but can be more. In the example just given
school improvements affect learning outcomes (equation 1), but school management capacity
affects both receiving school improvements (equation 2) and learning outcomes (equation 3).

A further, and related, use of linear in fact refers to single-equation modelling of a multi-
equation system, summed up as ‘it’s all terribly complex’, or more formally as ‘these approaches
may be all very well for very simple interventions, but they can’t be used for the more complex
interventions of the sort commonly implemented today’. This statement needs to be understood to
respond to it.

Rogers (2008) distinguishes between complex and complicated, the latter meaning an interven-
tion with many components. In the latter case one or more components may be amenable to rigor-
ous impact evaluation. And designs are available to examine whether different components
complement (reinforce) one another, or possibly substitute (counteract) each other. It has to be
recognized that not all components of an intervention will be amenable to the same approach.
Budget-support and sector-wide approaches are said not to be suitable for large # studies. But such
a view misses the point that such aid supports government spending, and the government pro-
grammes so supported can be the subject of such studies. At the same time, the donor wishes to
affect the level and composition of government spending, for which there are a range of alternative
analytical approaches, and to influence policy for policy dialogue, which has also been subject
to a sizeable literature, both quantitative and qualitative.” A holistic approach has to be taken to the
evaluation design, selecting the appropriate methodology for the different evaluation questions
which arise to assess the intervention as a whole.

Complex interventions may be of various types (Rogers): those with recursive causality
(i.e. feedback or reinforcing loops), disproportionate or ‘tipping point’ relationships and emergent
outcomes. The first and second of these issues has already been dealt with. The first problem is
precisely that addressed by experimental and quasi-experimental approaches and the second a form
of non-linearity readily accommodated in statistical analysis.

This leaves us with the problem of emergent outcomes. We may not know what the outcomes
of an intervention will be in advance: what the outcomes will be can only be discovered as the
intervention proceeds. I deal with this question in part by turning to the charge that impact evalua-
tion is undemocratic.

Is democratic impact evaluation possible?

Jennifer Greene has stated that impact evaluation is ‘inherently undemocratic’.” What I take this to
mean is that the way in which such studies are conducted and utilized is not very participatory. The
approach to most impact evaluation studies is what Robert Chambers calls ‘extractive’ — that is, the
researchers go and collect the data, scurry back to their ivory tower to analyse it, publish their
article and move on. In contrast ‘empowering’ research takes place within the community, allow-
ing them to define its parameters, take part in the analysis, so by deepening their understanding of
their situation they are able to overcome obstacles, with research findings reinforcing this effort.
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A literal interpretation of this approach, running Stata classes in the African bush, is clearly nonsense.
But the impracticality of that proposition should not make us turn away from useful principles
derived from a more empowering approach to impact evaluation. First, does the intervention
address issues which matter to the local population? This is the standard evaluation question of
relevance, but it can also guide impact evaluation design in selecting the indicators to be analysed.
Second, did the intervention tackle perceived obstacles to improving wellbeing, which may well
change as new understandings and experiences ‘emerge’ when a new programme is implemented.
Local analysis should inform the analysis of the casual chain. And, finally, findings and interpretation
should be fed back to the local community in an interactive manner. These mechanisms are being
put in place as impact evaluations move more strongly to a mixed methods approach.

Is there a hierarchy of methods?

Evaluations should be issues-led not methods-led. And having determined the evaluation questions,
the best available method should then be used to answer them. These methods may, or may not
be, quantitative.

The points where critics need to give some ground is to accept that: 1) there is a problem of
selection bias which needs addressing in any assessment of attribution; 2) RCTs are very often the
most appropriate means of dealing with this problem; and 3) if not RCTs, then some other quantitative
(quasi-experimental) method will be the best available method for large » interventions.

Indeed this argument does appear to be implicitly accepted since critics often conflate RCTs
with all quantitative approaches. For example, it is pointed out that proof of the adverse impact of
smoking was not proved by experiments, since it would not have been ethical to do so. This claim
is not entirely true since large-scale smoking experiments were conducted on dogs. But although
RCTs were not used, quantitative methods were used to compare health outcomes in smokers and
non-smokers, while controlling for age, sex, occupation, environmental conditions and so on, in
order to link smoking to lung cancer. This is a decidedly quantitative approach, and wholly consis-
tent with the view that other quantitative methods should be used when RCTs are not possible.
Hence the smoking example, and many others, do support the use of quantitative methods. As
argued in this article, a further reason for quantification is the possibility of analysing cost effec-
tiveness, or better still conducting a cost-benefit analysis.

However, I don’t believe these statements mean that there is a hierarchy of methods. It is rather
that we want to use the best available method. There are many settings when quantitative methods
will be the best available method. But there are also many cases when they are not. And as argued,
a theory-based approach will usually combine methods: quantitative and qualitative and evaluation
approaches. Hence, I believe the argument between proponents of theory-based evaluation and
RCTs is overstated. A theory-based approach provides a framework for an evaluation. It still needs
an analytical approach to determine if outcomes have changed as a result of the intervention, so
experimental or quasi-experimental approaches are embedded in a mixed-methods approach. It is
to be hoped that traditional development evaluators, and more quantitatively oriented researchers,
can work together with such approaches to produce studies to influence policy and improve lives.

Notes

1. Many evaluators now object to the log frame saying it is ‘old fashioned’, or, worse still, linear. However
the log frame is alive and well in development agencies.

2. While compiling a preliminary impact evaluation database for NONIE a major donor told me that ‘all
their evaluations were impact evaluations’. It was indeed true that the ToR included impact analysis, most
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commonly appearing the final report along the final lines: ‘It is not possible to attribute these changes to
the activities supported by the project.’

3. Towe this snappy summary of the critique — ‘measurement is not evaluation’ — to Jocelyne Delarue of the
Agence Frangaise de Development (AFD). In their own programme, AFD has run into the problems men-
tioned here arising from relying solely on academics whose main interest is novel and clever techniques
to derive an average treatment effect.

4. The seminal quantitative study looking at the impact of donor-supported policy changes while allowing
for the endogeneity of policy change is Goldstein and Montiel (1984). The literature in general has used
mixed methods, relying on more qualitative approaches to assess policy dialogue (e.g. Mosley et al.,
1991; White and Dijkstra, 2004).

5. Presentation to conference ‘Perspectives on impact evaluation’, 31 March-2 April 2009, Cairo.
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